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Fig.1 Radar chart of taste of cooking wines
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Taste Identification and Quantitative Analysis of Cooking
Wines Based on Electronic Tongue
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Abstract;In order to investigate the capability of electronic tongue to distinguish manufacturing progress and predict
physicochemical properties of cooking wines, the qualitative and quantitative analysis models of 54 cooking wines were
established using electronic tongue and physical and chemical detection methods, combined with different statistical
methods. The results showed that principal component analysis (PCA) could be used to differentiate cooking wines from
different types of production processes. The first principal component was the signal of fresh taste flavour sensor with the
contribution of 62.4%, and the second one was the sour taste with a contribution of 33.2%. The soft independent
modeling of class analogy (SIMCA) could be used to accurately discriminate brewed and prepared cooking wines. The
discrimination power ( DP) of each sensor was more than 5, and the recognition rate was 100%.The partial least squares
(PLS) method was used to fit the sensor signal with the results of the trade standard method. The RPD values of total
acid, amino acid nitrogen and salt were 12.1, 6.5 and 14. 1, respectively. The established models exhibited good
effect, and could be used for accurate calibration and prediction. That of alcohol content was 2. 7. The model could be
predicted but was not stable enough. The results of this study provided theoretical and practical basis for the application
of electronic tongue in the quality discrimination and detection of cooking wines.

Keywords : electronic tongue, cooking wine, principal component analysis( PCA) , soft independent modeling of class

analogy (SIMCA ) , partial least squares( PLS)





